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ABSTRACT 
The magnetic levitation system often called (MAGLEV) is an experiment set-up designed mostly for control 

experiments because of the synergistic integration of sensory elements, subsystem control and actuation 

subsystem. The methodology proposed in this work applies fuzzy logic algorithm to the control of process of non-

linear Model: Magnetic levitation system. The advantage of fuzzy logic lies in its ability to process imprecise. It 

comes from the human ability to decide and act appropriately despite the uncertainty of available knowledge. The 

algorithms of control suggested in this paper are based on the use of two methods, fuzzy control and fuzzy adaptive 

control. The development of the fuzzy control, by a type of procedure tries - error is very long where the use of an 

optimization strategy, adaptive control is to facilitate the development of the fuzzy controller. This paper shows 

that it is possible to control real process by using a fuzzy adaptive algorithm. The study is illustrated with several 

representative numerical examples. The results of simulation show the performances of this method. 

KEYWORDS: Intelligent control, Fuzzy control, Maglev system, Fuzzy adaptive control. 

I. INTRODUCTION 

The magnetic system of levitation (Maglev) is an interesting process and has become very popular for 

these last years. The process can be used like a very advanced and effective technology in industry. It 

has several applications in several fields (wind turbine, aerospace, nuclear application, civil 

engineering, biomedical engineering, chemical engineering, Electronic and automotive engineering) 

but the transportation systems remain the most known application by a very large public (magnetic 

levitation trains).  

The common point with all these applications is the lack of contact and thus the absence of wear and 

friction. That increases the effectiveness, reduces the maintenance costs and increases the useful 

lifetime of the system. 

Magnetic levitation laboratory experiment is a process by which an object is suspended in the air with 

just the support of the magnetic fields. All energy is deployed and used to counter gravitational 

attraction. This kind of system is naturally unstable and presents additional difficulties for the control 

of these systems.  

Numerous studies have been conducted to control the Maglev system. To put the computers in an 

intelligent control of the Maglev system is more and more popular for the application of such a 

phenomenon, [1], [2], [3], [4], [5], [6],[7],[8],[9],[10],[11],[12],[13],[14],[15],[16],[17] and [18]. The 

integrated computer system can be used to improve the performance of such a system. To design 

efficient environmental controllers for Maglev system, it is necessary to develop models that adequately 

describe the system to be controlled.  

The approach proposed in this work is oriented in the synthesis of an intelligent controller based on 

the fuzzy logic. The use of the fuzzy logic in this work is meant to exploit the tolerance of 

imprecision, uncertainty and partial truth, the use of human contribution, low solution cost and better 

rapport with reality. The use of fuzzy logic for the regulation of Maglev system represents an 

excellent means for the control of Maglev system. 

In recent fuzzy applications, it is getting more important to consider how to design optimal fuzzy 
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controller from training data in order to construct a reasonable and suitable fuzzy system. Due to the 

above reasons, it is natural and necessary to generate or tune fuzzy controller by some learning 

techniques like the gradient descent method. 

In this paper, two algorithms to control a Maglev are presented. First, we present a method of fuzzy 

logic control algorithm, in the second we present fuzzy adaptive method to control the process. This 

paper shows that a fuzzy adaptive controller can be successfully applied to control the nonlinear system 

such the Maglev system.  

II. MODEL OF MAGLEV SYSTEM  

The system on which one will work is the MAGLEV system manufactured by Feedback Instruments 

(Model N 33-210 is shown in Fig. 1.) [25]. It based on several sensors: optoelectronic sensor position, 

electromagnetic actuator coil and suspended ferromagnetic ball.  

In addition to the mechanical units, the electrical units can transfer the measured signals to the computer 

via an input / output card. The analog control interface allows PC to transfer control signals MAGLEV 

and vice versa. 

The position of the ball is controlled by a variation of the electromagnet current. The objective is to 

design an appropriate control so that the ball can follow a reference trajectory. 

The magnetic levitation system is a mechatronic process, due to the integration of several sensors, and 

control system. 

The Maglev system is non-linear process highly unstable in open loop and, consequently, an intelligent 

controller is necessary to control the position of the ball. Due to nonlinearities, the control of such a 

process is very difficult so the idea is to linearize the model around its operating point. 

Management and control of Maglev system are thus of great importance, and several studies have been 

developed in order to define and understand the phenomena. 

 

 

 

 

 

 

 

 

 

Figure 1. Maglev system equipment 

We use the model described in [17], [18] and [25].  This one can be simplified: 

( , )x g f x i             (1) 
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f x i k
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            (2) 

Where k  is a constant depending on the coil (electromagnet) parameters. To present the full 

phenomenological model a relation between the control voltage u  and the coil current would have to 

be introduced analysing the whole maglev. However Maglev is equipped with an inner control loop 

providing a current proportional to the control voltage that is generated for control purpose: 

1.i k u             (3) 

Equations (1) and (2) constitute a nonlinear model, which has been assembled in Simulink. 

The bound for the control signal is set to [-5V..5V]. 

The equilibrium point can be calculated from: 

( , )g f x i             (4) 

The linearization steps are the following 
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Laplace transformation of equation: 
2 ( )i xs x k i k x                (6) 

After simplification, equation becomes 
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The minimum and the maximum distance of the ball from the coil is 0.5 cm and 0.25 cm respectively. 

III. FUZZY CONTROL 

In the last decade, the fuzzy logic gained interest in the scientific community, one of the reasons in the 

huge financial success of the industry in producing a considerable number of appliances using fuzzy 

controllers (FC).  

The main advantage of fuzzy control is the possibility of implementing human expert knowledge in the 

form of linguistic if – then rules [1], [2], [6], [7], [10], [15], [18] and [19]. 

The design of a fuzzy controller begins with the choice of linguistic variables, the process state, the 

input and the output variables. The next step is the choice of the set of linguistic rules and the kind of 

fuzzy reasoning process.  

Once the rules are setup, after the inference, the fuzzy set and the crisp output value have to be 

generated; a defuzzification strategy has to be established too. 
 

 

 

 

 

 

 

 

 

 

 

 

Figure 2. Block diagram of a fuzzy controller 

The block diagram of a fuzzy controller is shown in fig 7. It is composed of four principal modules: 

The fuzzification interface performs the transformation of crisp inputs into fuzzy sets. The knowledge 

base supplies the fuzzification module, the interface engine, and the defuzzification interface with 

necessary information for their proper functioning. 

The decision making unit or interface engine computes the meaning of the set linguistic rules. 

The defuzzification interface transforms the union of fuzzy sets (individual contributions of each rule 

in the rule base) into a crisp output. 

3.1. Determination of the Fuzzy Control Law 

Using the Model, figure 1, the structure of the fuzzy controller for our process will have the following 

diagram figure 3. 

The output variables are commands and the Variables of entries of the fuzzy controller are: 
  Error    

  Variation of the error  
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One of the difficulties, for the implementation of a fuzzy system, is the choice and the number of input 

variables. In our case the structure of the fuzzy controller should have the structure shown in Figure 3 

that means a fuzzy controller with four variables of entries and exits.  

 

 

 

 

 

 

Figure 3. Block diagram of a fuzzy controller 

3.2. Result 

The fuzzy logic controller obtained has two input variables and one output variables, the variables of 

inputs are characterised by five fuzzy sets in the universe of discourse.  

By taking into account the number of inputs, the membership functions, the fuzzy base contains 25 

rules; we give an example as shown in table 1. 

Table 1. Sample of rules obtained by implementing the human expertise. 

eD  N NZ Z ZP ZP 

 e  

N N N N NZ Z 

NZ N N NZ Z ZP 

Z N NZ Z ZP ZP 

ZP NZ NZ ZP P P 

P Z ZP P P P 

As it’s known a fuzzy logic controller acts as a nonlinear system implementing human-based reasoning 

for computation of the control values. In our case, the adopted fuzzy rules are in Takagi-Sugeno (order 

zero). The set of chosen membership functions is presented in figure 4 and the consequences are shown 

in the figure 5. 

 

Figure 4. Membership functions for inputs   and  . 
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Figure 5. Consequences values for the fuzzy logic controller 

  

Figure 6. Simulation of desired and actual ball position 

Figure 7. Simulation of command 
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The desired ball position reference CT changed each 5s. And each set of change, after a transitional 

period, the control system reacts actively and the position of the ball approaches the set point. 

The Follow-up of the trajectory represented in the figure 6 is satisfactory and Errors and tracking control 

remain within acceptable limits. 

Regarding orders Figure 7, we notice that the command is activated at each set point change and this 

perfectly corresponds to the basic rule. 

IV. OPTIMIZATION OF THE FUZZY CONTROL  

The optimization skill can be put in work in order to facilitate the phase of elaboration of the fuzzy 

controller. The procedure of auto - regulating is based on an adaptive order structure [20], [21], [22], 

[23], [24], [26], [27], [28], [29], [30] and [31]. 

The adjustment of the controller's parameters is achieved by minimization of the error between the exit 

of the process and the references. The tuning of the fuzzy controller consists in minimizing quadratic 

criteria [19], and [31]. 
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Where ( ) ( ) ( )e t y t C t   is the difference between the real ( )y t  and the reference ( )C t , Q a matrix, 

definite non negative and diagonal of dimension (2, 2) in our case. 

Parameters of the fuzzy controller are optimized by the method of the gradient each k iteration, 

according to the formula. 
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With X  is the parameter to adjust and   the factor of descent. The algorithm ends when the variation 

of the criteria has not significant value. 

In other stage, we will keep the same structure of the fuzzy controller described previously and also the 

references. 

4.1. Results 

The obtained results are represented in the fig 14 and 15.  

Figure 8. Simulation of command in the greenhouse compared to set points 
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Figure 9. Simulation of command in the greenhouse 

 

 

Figure 10. The membership function to one random moment in the simulation 

The actual ball position reacts correctly with the variation of the references in figure 8. After a 

transitional period the actual ball position comes closer to the order fixed by the expert, the command 
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is activated at each set point change and this perfectly corresponds to the basic rule. This change 

intervenes at the time of the change of the reference.  

This simulation is more perfect for the one without optimization represented in figure 6. This is due to 

the adaptation of the membership functions in the universe to work. The figure 13, shows the 

membership function in a random moment of the simulation.   

The follow-up of the reference for the optimization fuzzy control is very satisfied compared to a fuzzy 

control without tuning of the membership functions even if compared to a classic one as the optimal 

control this is largely due to their potential of transfer of expert knowledge on the process. 

V. CONCLUSION  

This paper proposes a contribution for the soft control of a MAGLEV system. In the first stage we 

suggested fuzzy control fuzzy control. In the second part we tested a control based on an algorithm of 

optimization of the membership functions.   

The fuzzy control shows that the fuzzy controller is successful in continuing with its self-adaptation 

and use of dynamic functions affiliations.  

Use of the fuzzy control based on the gradient descent allows a better control of the value compared to 

that obtained by fuzzy control, As perspective, it will attempt to apply other adaptive algorithm to tune 

the fuzzy controller. 

As perspective, we will test other learning algorithm to optimize the fuzzy controller like least square 

and Genetic algorithm to control a nonlinear models.  

Another alternative is to use learning algorithms for the synthesis of adaptive fuzzy PID. 

REFERENCES 

[1]. S. Lei, A. Palazzolo, and A.kascak, Fuzzy logic intelligent control system of magnetic bearings. IEEE 

International Fuzzy Set and System, 2007.1-6 

[2]. T. Li, C. Kuo, and N. Guo. Design of an EP-based fuzzy sliding-mode control for a magnetic ball 

suspension system. Chaos, Solitons and Fractals, 33(5):1523–1531, 2007.  

[3]. Meiyung Chen, Ming-Jyh Wang and Li-Chen Fu. "Modeling and controller design of a maglev guiding 

system for application in precision positioning, " IEEE Trans-actions on Industrial Electronics vol.50, 

no.3, pp.493-506, June 2003.  

[4]. C. Lin and H. Jou. Force model identification for magnetic suspension systems via magnetic field 

measurement. IEEE Transactions on Instrumentation and Measurement, 42(3):767–771, 1993.  

[5]. E. Anene and G. K. Venayagamoorthy, “PSO Tuned Flatness Based Control of a Magnetic Levitation 

System”, IEEE Industry Applications Society Annual Meeting (IAS), 2010, Houston, US, pp. 1-5. 

[6]. A. Kumar, M. K. Panda, S. Kundu, and V. Kumar, “Designing of an interval type-2 fuzzy logic controller 

for Magnetic Levitation System with reduced rule base”, Third International Conference on Computing 

Communication & Networking Technologies, 2012, Coimbatore, India. 

[7]. Z. A. S Dashti, M. Gholami, M. Jafari, M. A. Shoorehdeli, and Hajimani, “Neural Adaptive controller 

for Magnetic levitation system”, Iranian Conference on Intelligent Systems, 2014, Bam, Iran. 

[8]. N. Naz, M. B. Malik, and M. Salman, “Real time implementation of feedback linearizing controllers for 

magnetic levitation system”, IEEE Conference on Systems, Process & Control (ICSPC), 2013, Kuala 

Lumpur. Malaysia. 

[9]. L. B. Majhi, M. Borah and P. Roy, “Fractional Order System Identification of Maglev Model from Real-

Time Data”, IEEE ICACCCT, 2014, India. 

[10]. Ahmad, A.K., Sa ad, Z., Osman, M.K., Isa, I.S., Sadimin, S., Abdullah, S.S, " Control of Magnetic 

Levitation System Using Fuzzy Logic Control" , CIMSIM, pp 51-56, 2010  

[11]. Kizir, S., Kucukyildiz, G., Oca k, H., Bingul, Z, " Vision based magnetic levitation system" , SIU, pp 1-

4, 2012  

[12]. Suster, P., Jadlovska, A, " Modeling and control design of Magnetic levitation System" , IEEE, pp 295-

299., 2012  

[13]. Bandal, V.S., Vernekar, P.N., " Design of a discrete-time sliding mode controller for a magnetic 

levitation system using multirate output feedback" , ACC, pp 4289-4294, 2010  

[14]. Kumar, A., Panda, M.K., Kundu, S., Kumar, V, " Designing of an interval type-2 fuzzy logic controller 

for magnetic levitation System with reduced rule base" , ICCCNT, pp 1-8., 2012 



International Journal of Advances in Engineering & Technology, Dec., 2015. 

©IJAET   ISSN: 22311963 

1002 Vol. 8, Issue 6, pp. 994-1002 

 

[15]. Z. Mohamadi, M.Teshnehlab and M. Aliyari Shooreh deli, " Designing flexible neuro-fuzzy system 

based on sliding mode Controller for magnetic levitation systems" . IJCSI International Journal of 

Computer Science Issues, vol. 8, Issue 4, No 1, .pp.160-171, July 2011. 

[16]. An-Chyau, H., Yu-Mao, Lin., Chen-Yu K., " Adaptive control of horizontal magnetic levitation system 

subject to external" , ICIE, pp 467-471, 2012. 

[17]. Prasanta Roy, Manashita Borah, Lalbahadur Majhi, Nikita Singh. Design and Implementation of FOPID 

Controllers by PSO, GSA and PSOGSA for MagLev System, International Symposium On Advanced 

Computing And Communication, 2015 

[18]. Shekhar Yadav, J.P.Tiwari, S.K.Nagar, Digital Control of Magnetic Levitation System using Fuzzy 

Logic Controller.International Journal of Computer Applications (0975 – 8887) Volume 41– No.21, 

March 2012 

[19]. M. Massour El Aoud, M. Franceschi, and M. Maher; Self – Tuning Method of Fuzzy System: An 

Application on Greenhouse Process Proceedings Of World Academy Of Science, Engineering And 

Technology Volume 25 November 2007 ISSN 1307-6884 

[20]. Wu, W., Li, L., Yang, J., & Liu, Y.: A modified gradient-based neuro-fuzzy learning algorithm and its 

convergence. Information Sciences 180 (9) (2010) 1630-1642  

[21]. Subramanian, K., Savitha, R., & Suresh, S.: A Complex-Valued Neuro-Fuzzy Inference System and its 

Learning Mechanism. Neurocomputing (2013)  

[22]. Li, C., Wu, T., & Chan, F. T.: Self-learning complex neuro-fuzzy system with complex fuzzy sets and 

its ap-plication to adaptive image noise cancel-ing.Neurocomputing 94 (2012) 121-139  

[23]. Li, C., & Chiang, T. W.: Complex neuro-fuzzy self-learning approach to function approximation. In 

Intelligent Information and Database Systems. Springer Berlin Heidelberg (2010) 289-299  

[24]. Li, C., Chiang, T. W., & Yeh, L. C.: A novel self-organizing complex neuro-fuzzy approach to the 

problem of time series forecasting. Neurocomputing (2012)  

[25]. MATLAB Guide For Feedback control instrument 

[26]. T. Shaochenga, C. Binb, W. Yongfuc, Fuzzy adaptive output feedback control for MIMO nonlinear 

systems, Fuzzy Sets and Systems (2005) 285-299. 

[27]. Y. Shi, M. Mizumoto, Some considerations on conventional neuro-fuzzy learning algorithms by gradient 

descent method, Fuzzy Sets and Systems (2000) 51-63. 

[28]. Y. Shi, M. Mizumoto, An improvement of neuro-fuzzy learning algorithm for tuning fuzzy rules, Fuzzy 

Sets and Systems (2001) 339-350. 

[29]. K. Subramanian, R. Savitha  , S. Suresh.A complex-valued neuro-fuzzy inference system and its learning 

mechanism Neurocomputing Volume 123, 10 January 2014, Pages 110–120 

[30]. Chunshien Li , Tsunghan Wu, Feng-Tse Chan. Self-learning complex neuro-fuzzy system with complex 

fuzzy sets and its application to adaptive image noise cancelling Neurocomputing Volume 94, 1 October 

2012, Pages 121–139 

[31]. Mohamed Massour El Aoud and Mostafa Maher. Intelligent Control For A Greenhouse Climate. 

International Journal of Advances in Engineering & Technology, Sept., 2014. Vol. 7, Issue 4, pp. 1191-

1205. 

AUTHORS 

 

Mohamed Massour El Aoud received the PhD degree in Automatic from Hasan II 

Mohammedia Casablanca University, in 2008. From 2008 to 2011, he worked respectively as 

teacher in different university of Morocco. Since 2011, He is Professor Assistant at Electrical 

Engineering Department, National School of Applied Sciences - Khouribga, Morocco. His 

area of research includes automatic control and embedded systems.  

 

Rhofir Karim is professor at the National School of Applied Sciences of Khouribga city since 

2011. Obtained the PhD degree in applied mathematics and applications in 1998 from 

University of Franche-Comté. His research field is computer sciences, domain decomposition 

methods, distributed systems, intelligent vision and embedded systems. 

 

Ismail Lagrat is professor at the National School of Applied Sciences of Khouribga city since 

2011. Obtained the PhD degree in automatic signals-systems in 2009 and Master of Science 

and automatic information processing in 2004 from the Faculty of Science Fes city. Research 

the field of nonlinear control system, robotics and embedded systems. 

 

 

http://www.sciencedirect.com/science/journal/09252312
http://www.sciencedirect.com/science/journal/09252312/123/supp/C
http://www.sciencedirect.com/science/journal/09252312
http://www.sciencedirect.com/science/journal/09252312/94/supp/C

